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1 Introduction

The quality of OpenStreetMap (OSM) and volunteered geo-
graphic information (VGI) in general has already been discussed
extensively in the literature. Researchers have looked at this is-
sue from different angles such as credibility [2], trust [1], prove-
nance [12, 9], precision [4], and communities [5]. Comparative
studies often use commercial datasets or datasets from national
mapping agencies for reference [4, 3, 6]. However, in order
to fully evaluate how well OpenStreetMap reflects the streets,
buildings, and different kind of amenities out there, such refer-
ence datasets are not sufficient, as none of them has a scope as
broad as OSM.

In a recent study, we therefore decided to collect a ground
truth dataset by hand [7]. In this case, the goal was to evaluate
whether it is possible to assess feature quality based on prove-
nance information; however, any other kind of study on the qual-
ity of OSM data (and VGI in general) is facing the same prob-
lem: How to obtain reliable reference data that have the same
thematic and spatial scope as the VGI dataset under considera-
tion? In the remainder of this abstract, I will therefore discuss
different options to collect such a ground truth dataset.

2 Using Existing Data Sources

Most previous comparative studies on VGI data quality use com-
mercial or administrative reference data because of their doc-
umented quality requirements, update cycles, and well-defined
thematic scope. Unfortunately, this inevitably leads to a qual-
ity measurement by the standards of the reference dataset.
While this may be acceptable for studies focusing on precision,
any analysis that looks deeper into thematic aspects of Open-
StreetMap will quickly reach the limits of the reference data due
to the broad scope of OSM.

This situation might change with the growing number of social
location-based services such as Foursquare, Facebook, or Yelp.1

These services collect place descriptions from users “checking
in” to share their current location with their social network [11].
The tags and descriptions provided by users of those services
have reached a significant level of detail and are therefore a
valuable source to complement administrative and commercial
datasets.

Leveraging this potential, however, is still hampered by a
number issues. As all of the above-mentioned services and their

1See http://foursquare.com, https://www.facebook.com/about/location, and
http://yelp.com.

competitors are in a commercial market, the data they collect is
their main asset. Therefore, even though APIs exist to access the
data, this access is very limited, and copying larger parts of the
data is generally against the respective terms of service. Such
services could hence be seen as part of a distributed infrastruc-
ture for information about places [8], which is limited in that it
can only be employed for feature-specific look-ups and smaller
studies. Implementing such an approach, however, is also chal-
lenging in terms of place reconciliation, i.e., matching the correct
places from different services to each other.

3 Starting from Scratch

As mentioned above, we have collected our own ground truth
dataset for a recent study [7]. While our dataset consisted of only
74 features that were pre-selected in OSM based on certain char-
acteristics, the conducted field survey was still a considerable
effort, especially because it was completed by a single person.
Considering the effort spent, the product consists of a small and
highly local selection of features. Scaling this approach to the
point where a comparative study can actually produce significant
results without a local focus clearly calls for a community-driven
effort.

Crowdsourcing the problem in the spirit of VGI and OSM is
an obvious solution. The question, however, is how to motivate
people who have already contributed to the OSM dataset itself,
as collecting the same data again, which clearly seems like a
double effort. Gaining new contributors – which could eventu-
ally be converted to VGI – most likely requires approaches that
go beyond the mere data collection and “seeing your feature on
the map” aspect. One potential way to accomplish this goal is
through gamification, which has already been shown in differ-
ent studies to work well for the collection of VGI [13, 10]. The
potential of such an approach has not least been demonstrated
by the success of Foursquare, that has turned the collection and
description of POIs into a game based on check-in counts and
“mayorships”.

Leveraging this principle would then require a separate inter-
face (both in the sense of user interface and API) that allows
researchers to create tasks within the game. Once completed by
the players of the game, these tasks would allow for an ad-hoc
quality comparison of a feature in a VGI dataset, and its counter-
part in the ground truth reference dataset.

The two approaches for collecting a ground truth dataset in-
troduced in this abstract are still in its early stages. They may be
accomplished by or combined with additional methods of data
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collection and integration. Moreover, the development of initial
prototypes, along with usability tests and systematic evaluation,
is required.
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